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Abstract: Aiming at the problems of the unreasonable structure and the low efficiency of the traditional statistical parti-
tion and publishing of location big data, a deep learning-based statistical partition structure prediction method and a dif-
ferential publishing method were proposed to enhance the efficacy of the partition algorithm and improve the availability
of the published location big data. Firstly, the two-dimensional space was intelligently partitioned and merged from the
bottom to the top to construct a reasonable partition structure. Subsequently, the partition structure matrices were orga-
nized as a three-dimensional spatio-temporal sequence, and the spatio-temporal characteristics were extracted via the
deep learning model in a bid to realize the prediction of the partition structure. Finally, the differential privacy budget al-
location and Laplace noise addition were implemented on the prediction partition structure to realize the privacy protec-
tion of the statistical partition and publishing of location big data. Experimental comparison of the real location big data
sets proves the advantages of the proposed method in improving the querying accuracy of the published location big data
and the execution efficiency of the publishing algorithm.
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